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Abstract

A rapidly growing literature has attempted to explain Donald Trump’s success in the
2016 U.S. presidential election as a result of a wide variety of differences in individual char-
acteristics, attitudes, and social processes. We propose that the economic and psychological
processes previously established have in common that they generated or electorally capital-
ized on unhappiness in the electorate, which emerges as a powerful high-level predictor of
the 2016 electoral outcome. Drawing on a large dataset covering over 2 million individual
surveys, which we aggregated to the county level, we find that low levels of evaluative, ex-
perienced, and eudaemonic subjective well-being (SWB) are strongly predictive of Trump’s
victory, accounting for an extensive list of demographic, ideological, and socioeconomic co-
variates and robustness checks. County-level future life evaluation alone correlates with
the Trump vote share over Republican baselines at r = -.78 in the raw data, a magnitude
rarely seen in the social sciences. We show similar findings when examining the association
between individual-level life satisfaction and Trump voting. Low levels of SWB also predict
anti-incumbent voting at the 2012 election, both at the county and individual level. The
findings suggest that SWB is a powerful high-level marker of (dis)content and that SWB
should be routinely considered alongside economic explanations of electoral choice.
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Introduction

In the period since the 2016 U.S. presidential election, a growing number of studies have at-
tempted to identify and characterize the people and places behind Donald Trump’s victory.
Historically, theories in economics and political science have stressed the role of “economic vot-
ing” in explaining electoral outcomes, a process whereby voters reward or punish incumbent
parties for the state of the macroeconomy (Fair, 1978; Kramer, 1971). In this vein, many have
pointed to factors such as stagnant wages among middle-class Americans and job losses—arising
from growing mechanization, international trade exposure, and the general decline in domes-
tic manufacturing—in driving support for Trump’s candidacy (e.g., Autor et al., 2017; Frey
et al., 2018). In contrast, studies in psychology and related fields have tended to challenge
these purely economic explanations and have instead focused on factors such as group and
status threat (e.g., Knowles and Tropp, 2018; Major et al., 2018; Mutz, 2018), preferences for
authoritarianism (MacWilliams, 2016), moral values (Enke, 2020), and personality traits like
neuroticism (Obschonka et al., 2018).

What many of these economic and psychological explanations have in common is that
they emphasize a strong sense of discontent among certain sections of the U.S. population.
The reasons for this discontent are multiple, and the literature adding to them is growing
quickly. However, the central point across the majority of these accounts is that there was
a palpable sense of general unhappiness with the status quo in the United States. In this
paper, we develop a conceptual framework that links low levels of subjective well-being (SWB)
with (a) anti-incumbent voting and (b) support for populist candidates. In doing so, we argue
that SWB can be seen as a common psychological pathway to electoral choice. While more
specific psychological, sociological, and economic accounts may help to explain why parts of
the electorate are happy or unhappy, we suggest that these processes funnel into differences in
SWB, which in turn predict voting.

Various governments around the world are beginning to measure SWB on a large scale
and use it as a measure of social progress (Durand, 2018; Krueger and Stone, 2014). Notwith-
standing persistent gains in national income, the United States has fared relatively poorly on
these alternative measures of national success over the past few decades, with SWB having
fallen in the country, particularly among the less educated (Blanchflower and Oswald, 2019;

Case and Deaton, 2020; Graham, 2017). Yet, despite this, the role of SWB in explaining elec-



toral processes and outcomes has received relatively little attention.t

In this paper, we directly examine the role of SWB in explaining electoral outcomes.
Using data on over 2 million Americans collected during the years preceding Trump’s election
by the Gallup Organization, we investigate how strongly predictive evaluative, experienced,
and eudaemonic SWB measures were of the outcome of the 2016 presidential election at the
county level. We reproduce these main county-level analysis using individual-level survey data
by investigating the role of SWB in explaining incumbent approval ratings as well as the decision
of whom to vote for in presidential elections.

Although we argue that low levels of SWB will increase the vote shares of candidates
who are (a) nonincumbent and (b) populist, the 2016 presidential election does not allow us
to distinguish between the two processes, because the challenger (Donald Trump) was both
nonincumbent in terms of party affiliation and populist in terms of policy platform and rhetoric.
By repeating our county- and individual-level analyses using data from the 2012 presidential
election (Barack Obama vs. Mitt Romney), we are able to more cleanly test our predictions
on SWB and incumbent voting in an election with a mainstream challenger. To more directly
test our prediction on SWB and populist candidates, we also examine the role of county-level
SWB in explaining the vote shares of Donald Trump and Bernie Sanders in the 2016 Republican
and Democratic primary elections, respectively. An additional issue is the relationship between
(un)happiness and incumbent voting when the challenger is not only nonincumbent but also a
populist—that is, an open question is whether or not these two hypothesized relationships will
be additive in nature. To shed light on this, we also pool the 2012 and 2016 data such that we
can directly test for any difference in the magnitude of the relationship between (un)happiness
and Republican voting in the two elections.

We carried out an extensive set of secondary analyses to establish the robustness of the
relationship between county-level SWB and voting. Among other things, we investigated (a) the
role of individual-level life satisfaction in predicting votes for Donald Trump in 2016 and Mitt
Romney in 2012, conditional on a very rich set of demographic and socioeconomic covariates as

well as a lagged dependent variable, (b) the association of individual-level SWB and presiden-

1A small number of studies have begun to fill this gap and shown that people become happier when their
chosen party is in power (Di Tella and MacCulloch, 2005) and observed that SWB is related to turnout intentions
(Flavin and Keane, 2012). We build in particular on related analysis showing that increased “deaths of despair”
are associated with the county-level Trump vote swing in 2016 (Goldman et al., 2019) and that well-being is
related to voting intentions and election outcomes in Europe and the USA (Herrin et al., 2018; Liberini et al.,
2017; Ward, 2020).



tial (dis)approval, (c) the “swing” toward Donald Trump in 2016 as well as simply the level of
the Republican vote share in our county-level analysis, (d) including in the voting equation a
comprehensive list of economic and demographic covariates, (e) relying on between-county vari-
ance within states and more restrictive spatial units of analysis like core-based statistical areas
and commuting zones, (f) employing within-county longitudinal models that consider changes
in SWB and voting across President Obama’s first and second terms and thus controlling for
additional unobserved county variables, and (g) relying solely on SWB responses before Donald
Trump entered politics, to ensure that any relationship is not driven by Trump’s campaign

influencing happiness.

Conceptual Framework

A long history of theoretical and empirical work in psychology suggests that people use their
feelings as a source of information and as a guide to decision making (Schwarz, 1990). Whereas
early work on a ect-as-information focused solely on the way in which specific emotions provide
information to people about their surroundings (Schwarz and Clore, 1983), the theory has been
broadened to include a range of feelings and states (Schwarz, 2011). Here, we focus on the
broad concept of SWB, which includes evaluations of how one’s life is overall as well as the
experience of positive and negative emotions. High levels of SWB are a signal that the situation
is “benign” and need not be changed, whereas low levels of SWB are an indication of “threat”
and suggest that things ought to be changed to repair the situation.

In line with this conceptual reasoning, it has been shown that negative emotional states
decrease preferences for the status quo (Scheibehenne et al., 2014). We extend this line of rea-
soning (a) to include a broader focus on SWB in general and (b) to behavior in the political
sphere. The reliance on feelings for information is known to be particularly salient in situations
in which information is complex and motivation is low, which is typically the case in the con-
text of making political vote choices—where people’s understanding of complex political and
economic issues is limited (Campbell et al., 1960) and the probability of a single vote making a
difference to the outcome is low (Downs, 1957).

We focus on two aspects of the political process: incumbent and populist voting. In-
cumbent voting refers to the propensity of voters to reelect sitting governments into office. We

follow the ideational approach to defining populism, which suggests that it is a “thin-centered”



ideology based on two core features: (a) a contention that there is a clear distinction between
the body of virtuous “ordinary” people and the corrupt “elite” and (b) a belief that politics
ought to be exclusively a reflection of the “will of the people.” The ideology is thin-centered
in the sense of limiting its claims about the political agenda to the above contentions and is
thus able to mix and augment other elements of political ideology, such as nationalism (Mudde,
2017). We classify Donald Trump as populist because key themes in his campaign were focused
on the corruption of U.S. elites and included an emphasis on the restorative will of the people.

Drawing on this conceptual framework, we expect people who evaluate the state of
their lives positively overall, as well as those who experience more positive and fewer negative
emotions, to use these feelings as an indication that the incumbent political party is competent.
Given this, they will see comparatively little reason to change the party in office and vote to
reelect them for a further term, rather than take a chance on a challenger. Conversely, people
with low levels of SWB will see this as evidence that the governing party is of low quality and
ought to be replaced in order to repair the situation.

H1: Low levels of subjective well-being will increase the vote share of nonincumbent
candidates.

Whereas anti-incumbent voting focuses on the choice between political parties, populism
has more to do with a rejection of the mainstream political system more generally. Nevertheless,
the dynamics are similar: People with high levels of SWB will see the current political situation
as a benign context that does not need to be changed, whereas those with low levels of SWB
will perceive the system in a more negative manner. The populist promise of radical change
speaks closely to people experiencing unhappiness, because this unhappiness is a cue to them
that change is needed.? Thus, low levels of SWB will predict a greater rejection of the system
and a higher propensity toward populist candidates.

In addition, populism not only is a set of beliefs but also tends to entail a more
emotional-—and negative—style of communication (Nai, 2018), which is likely to speak most
strongly to those who most perceive their lives to be less satisfying (and experience more negative
and fewer positive emotions in their day-to-day lives). In this sense, populism may “activate”

unhappiness politically by rhetorically proposing an electoral choice that promises the cessation

2Whether this desired change is forward or backward looking is an issue that we return to in more detail in
the Discussion. It may be that a desire for a populist change is actually a desire to go back to the status quo
ante (or at least to stop further progressive social change from happening). In any case, it is a desire to change
from the current political status quo.



of the state of unhappiness. As such, descriptively, populists may moderate the relationship
between unhappiness and voting, such that a stronger relationship between unhappiness and
vote shares is observed for populist candidates.

H2: Low levels of subjective well-being will increase the vote share of populist candidates.

In addition to these two main hypothesized relationships, an open question remains as to
the nature of the relationship between (un)happiness and incumbent voting when the challenger
is not only nonincumbent but is also a populist. That is, a further research question we explore
in the data is whether the two hypotheses are additive or not.

Finally, it is worth noting that the two hypotheses do not necessarily stand in contention
with the existing literature linking di erent variables to political choice. Rather, in this frame-
work, SWB can be seen as a common psychological pathway to electoral choice. While various
accounts may explain why some voters are happier than others, it is these di erences in SWB

that, in turn, predict voting decisions.

Study 1(a): County-Level Evidence of SWB and Voting in 2016

Data and Methods

We constructed county-level measures of SWB using the Gallup Daily Poll, which, since 2008,
has surveyed a large random sample of U.S. adults about various political, economic, and well-
being topics on a daily basis. Between 2008 and 2012, we were able to observe the SWB of
around 1,000 adults per day. At the beginning of 2013, this changed to around 500 adults per
day. Around 60% of interviews were conducted via cell phone and 40% via landline.

SWB is typically de ned along four main dimensions: life evaluation, positive a ect,
negative a ect, and purpose (Diener et al., 1999). In the Gallup Daily Poll, life evaluation is
measured via the Cantril Ladder, which asks respondents to rate their life as a whole, both
today and how they expect it to be 5 years from now. A ective measures are combinations of
reports of whether the respondent experienced yesterday each of: happiness, enjoyment, and
laughter (positive a ect), as well as stress, worry, and sadnességative a ect). Finally, purpose
(or eudaemonic well-being) combines reports of respondents liking what they do every day and
how often they learn new things?

We aggregated the SWB responses to the county level and linked these measures to

3Full details on question wordings are included in the online supplemental materials.



election results. To maximize the accuracy and geographic coverage of our county-level SWB
estimates, in our main analysis we pooled the daily surveys from the day after Barack Obama's
rst inauguration in January 2009 to the day before the 2016 presidential election (yielding

a total of just over 2 million individual survey responses) and used these measures to predict
the 2016 election result. In further analyses (discussed in more detail in subsequent studies
below), we split the responses into Obama's rst and second terms in o ce, to create a two-
period longitudinal panel of counties (at the expense of precision in these county-level SWB
measures).

We use two main outcome measures: (a) the level of the Trump vote share in 2016
and (b) our preferred measure, the Trump swing in 2016. The latter is the Republican two-
party vote share in 2016 compared with the average Republican vote share at the previous four
presidential elections. We focus principally on the swing because our main interest is in which
counties Donald Trump was electorally successful in 2016 over and above what would normally
be expected of a Republican candidate in any given county|and not in which areas of the
country generally or historically are more Republican or Democratic?

In our main analysis, we estimated linear regression models via weighted least squares,
with each county's observation weighted by the number of survey respondents. This allowed
us to account for heterogeneity in the sample size of the Gallup poll across counties and the
di erential measurement error in the county-level SWB estimates that this inevitably introduced
into the analysis. In a series of robustness checks, we instead estimated unweighted ordinary
least-squares regressions using counties with sample sizes only over a minimum threshold (see

Figure S4).

Results
Raw predictive power of SWB

Figure 1 shows a county map of the Trump vote swing, together with a county map of life
evaluation.> We nd the two to correlate at r = :53, with the largest swings toward Donald
Trump occurring in the areas of lowest SWB. The bivariate correlation between the Trump
swing and future life evaluation, which we show graphically in Figure 2, is even stronger, at

r = :78 (see Table S3 for a full correlation matrix of all of the main variables). Much of

4A long-standing literature examines this relationship between SWB and political ideology/a liation (Napier
and Jost, 2008; Wojcik et al., 2015). We return in more detail to this point in the Discussion.
5See Figure S2 for analogous maps of the other SWB measures.
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